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3, autoregressive integrated moving average
4 Féed Forward Neural network
3. back propagation
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ariable: INDEX1
it Squares
4 Time: 05:53
ted): 1/02/1375 7/16/1380
wvations: 1445 after adjusting endpoints
achieved after 4 iterations
Coefficient Std. Error t-Statistic Prob.

1364.352 173.1465 7.879756 0

1.002061 0.000316 3175.436 0

0.999857 Mean dependent var 2240.011
quared 0.999857 S.D. dependent var 719.6401
sion 8.611217 Akaike info criterion 7.145392
resid 107002.9 Schwarz criterion 7.152694
d . -5160.545 F-statistic 10083392
’n stat 1.419903 Prob(F-statistic) 0
Roots 1

. process is nonstationary

RI Yoo 00l @15 OleMlbl 405 - Jous

Change Statistics
Adjusted R =
R R Std. Error of Square F Sig. F
Model | R Square | Sguare the Estimate | Change | Change | df1 df2 Change
1
| 1000 |1 1 8.11964 1 2255723 | 5 1430 |0
a_Predictors: (Constant), VARDO010, VARODD01, VARODO0S, VAROO008, VAROD003
05%
u Star Confidence
Coefficients Coaefficiants Interval for B
Std. Lower | Upper
Model B Error Beta t Sig. Bound | Bound
1 (Constant) [ 4 o075 | 0722 -1.489 | 0.137 -2.491 | 0,341
VAROO00T | 5044 | 0.017 -0.043 2652 |o0.008 |-0.077 |-0.011
VARODO03 | 057 | 0.027 -0.007 0265 |0791 |-006 |o0.048
VARODOOS | 6 649 | 0.023 0.048 207 0039 | 0.003 | 0.085
VAROOODE | g 478 | 0.023 0477 7716 |0 0224 | -0.133
VAROGO10 | 4 182 | 0.018 1.179 72248 |0 1.15 1.214
a b Variable: VAROOD11 |
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- ==
Adjusted | R
R R Std.Erorof | Square |F . Sig. F
Model | R Square | Square | the Estimate | Change | Change | df df2 Change |
T ] 1.0006@)_ | 1 1 8738 1 3815095 | 3 1442 |0
a Prediciors: (Constant), VAR0DD0S, VAR00001, VAR00003
Unstandardized | Standardized 95% Confidence
Coefficients Cosfficients Interval for B
Std. Lower Upper
| Model B Eror | Beta t Sig. Bound | Bound |
1 | (Constant) | 4533 |74 2158|0031 |-2027 |-014
VARODDO1 | 5o0s [0.016 | -0.008 0512 | 0608 |-0041 0024
VARO0003 | 4185 |0027 | -0.185 £961 |0 0239 |-043
VARDOOOS | 1.196 | o.0t6 | 1.193 72858 |0 1164|1228

R3 Juw oud &)l OleMb!l 405 -0 Jove

Statistics
Adjusted R -
R R Sid. Emorof | Square | F Sig.F
Model | R | Square | the Estimate | Change | Change 1d¢fi | df2 | Change |
1
| 1.000() | 1 1. 8.11964 1 2285723 | 5 1430 |0
& Prediclors: VARD0010, V/ 1, VARDOODS, V VAR00003
5%
u Standardized Confidence
| Coefficients _____| Coefficlents _| | interval for B
5td. Lowar | Upper
Model B Error Beta t Bound | Bound |
1 (Constar) | 4 75 | 0722 480 0137 | 2401 | 0341
VARODDOT | o044 0017 | -0.043 2652 (0008 |-0.077 | -0011
VARDOO03 | 5007 | 0027 | -0.007 0265 (0791 |-006 |o048
VARDDOOS | 049 | 0.023 | 0,048 2.07 00% |0003 |o0.008
VARDOOOR | 4 478 (0028 |-0.177 776 |0 0224 | -0.133
VAR0OD10 | 412 | 0018 1178 72248 |0 115 | 1214
| 8 Dependent Variable: VAROOO11 J
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