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Parameter Setting (number of iteration ,Pop Size HMCR , P pa > ﬁ )

Best solution = [ ]
for I =1 to number of Pop Size do
HM(I)=Randomly
fitness HM (I)=evaluate(HM (I))
End
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for it = 1 to number of iteration do
for I = 1 to number of Pop Size do
for j=1 to nvar do

if rand< HMCR

HM=choose a solution randomly

If rand< P

HM(j)= HM(j)+uniform(-1,1). 8
Else

HM(j)= HM())

end if

Else

HM(J)= Randomly

end if

End

End

End
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