SleMbl Zl pxiaml sl S9Ueyie a3 i)
S IANS) S p9ldie &y H)US ddao)
| 9T )gige Falis

G| e g¥pado g0gl8 Slg>

o

748
D

ol

Ji¥o wilgh oo Gloleal (2l 3,19 3929 (31 32) 15 Jliwr )5 &5 Conl (Flolegl 28 cozmimar Sl 55 90 (59500 M (2 7S, 3 51 (S
g 59590 S| el jliuwa ol Alizo (355 b Hluwr S b b po pudlio g (Jilro duni Ll alexr 5 45wl aclls gousio
Wl Byb oy Iy ;)5 jli g ad wales e g ST Hlrs )5 & 095 s Gl 53 wiS Byb p gooe S0 & 1) plagl opf Wilgid
SleMb! 6 gl gz b U cawl (] Bus allio ol ;3 .cubld walsd gxums 15790 ) Gl Cmmtd 5O (oot Gl Egudgo (] 13,5
4 35 dso) paiadty Sgay [y gy jgi g0 gl (Guiady o Azatiyd § 03,5 S8 )5 Hliwr ol 43 cyloj Jgb 50 2,15 Ao
w33l Bl 1l & oy Glrdo e dlio (pf )3 WS SaS )5 Sluogas § b Thy cold & &5 sgb o0 S Jledlbl 2
9 3 G 30 45 ()5 &) eudlin (1! 5l 09 il LT (G0alS 5 ol o Uiy’ o0 )18 (3310 52 090 S (o0
g diorn) s 109 o0 i 153930 (59 32 9 Sl Hobin (e 4 AT 39 WBIgS (glaig 8l L LSl waleS LT (g9 e 595
4 a2 g7 L) g 0 plnil (o g 45 (D Wgd 0 5IIMSS pogas Sygod 1) B sl g J)E S o P g S L 0
OB Al 8590 )l dao b g Hoign gl Calod (limo ((WB3 o0 &Iyl Wigm 2 (Byxo I3 )0 9w Hgige 45 (laodS
Sxp 55950 39) Nigwh 50 Slhemiiony 135 & (LS T Lo 098 50 dmilimo IS o by )] el e Az B (sl g 4385
2B 40 31 ooliwl coawl dgpein Allile (L bl gl j 4y ebylod Lol Al (g puien Gl (59 B b AT (Wiglh o
oLl Syl Hlws Yo ay bgspo Jol azmt Vo &l 50 a5 B0 0 (LAG Wy 51010 (42 g8 JB iU gominr gi g0 glid (guiqad ) 5o

Wled yS Ayl 5 5 90 Jhws (ol potae b b o Iy 095 i JITNF U595 (gormium s9ig0 9 LFY solesdion (b9 (mSilae yob &

o 3530 g LS Gy A 335 Aoy «SleMbl (b5 (g9l e galS 519

A Novel Text Mining Method for User Context Extraction
to Improve Search Engine Results Ranking

Javad Davoudi Moghaddam” & Ali Ahmadi
Computer Engineering Faculty, K. N. Toosi University of Technology, Tehran, Iran

Abstract

Today, the importance of text processing and its usages is well known among researchers and students. The
amount of textual, documental materials increase day by day. So we need useful ways to save them and
retrieve information from these materials. For example, search engines such as Google, Yahoo, Bing and etc.
need to read so many web documents and retrieve the most similar ones to the user query. In this example,
necessity of real time ability should be mentioned. Keyphrase extraction and some other fields like
Information extraction, natural language processing, text summarization, query understanding, machine
translation, and text similarity are subsets of text processing. So many efforts in text processing have been
established, but there are still many open problems, especially in semantically document understanding
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subjects. Although these subjects seem not to be very hard for humankind but they are very complex and
confusing for a computer, because there is no standard structure to save documents so that computers be
able to extract semantics and contents.

Document understanding and keyphrase extraction are some of the most important text processing
goals. Many statistical and linguistic approaches are proposed in order to address these complex goals. Some
methods work based on multi documents and some others on single document which all are generally more
difficult than multi documents methods. Some methods use learning algorithms with training data and some
others do not. Using natural language processing tools or resources -like ontologies- are effective ways to
improve results, but these tools are not reliable for all languages. There are some articles for keyphrase
extraction based on co-occurrence and also some statistical methods. Moreover, sometimes it is an
important feature for a method to make real time outputs. Based on these characteristics, many approaches
have been proposed in the literature.

In this paper, we present a new approach for keyphrase extraction from a single document. We
present a language-independent approach based on combination of statistical information extracted from
document and some logical rules named fundamental text rules. In this approach, there is no need to any
natural language processing, nor to ontology and nor to any document corpus. We illustrate a real time
method to understand each document focuses by extracting its phrases from segmented document without
using any learning algorithm. Then, the Score for each phrase is calculated based on its occurrence and its
related phrases occurrences. Then, fundamental text rules omit some phrases based on their scores and their
places in text. Remained phrases shows the document focuses. Evaluation shows that our approach takes a
high recall and precision in key phrase extraction with very good accuracy in text focuses understanding.
These keyphrases extracted of a text presents the most important concepts of that text and it is used to
retrieve documents in search engines more efficiently.

Keywords: text mining, information retrieval, user context, search engine results ranking
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(Figure-1): Keyphrases extraction steps
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(Table-5): Average correctness of classification of 20 news
groups of Reuter in other methods
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(Figure-2): 10 fold naive bayes correctness of news texts
classification vs proposed method compression
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(Table-4): Average correctness of classification of 20 news
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