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3. Modified R/S statistics
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1. Long Memory
2. Long-range dependence
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3. fractionally integrated GARH

4. integrated GARH

5. generalized autoregressive conditional
heteroskedasticity

adasl- [0] (V447) o5l 5 WS, .05 S b
e 5 F by sl el po | sl
s sasT OF e gazmn 5 Lo 3 5l sl
Sdodily alabl 3y e shalpd 0] 4z S
CS b g o35l 53 Ay il el ol s
-0l adabl> (0S5 A el sy Ol abasl>
aS sls o LIS dalp b ol s S sdalin e
S s bls Sady il S Lk 033 4 3]
S5s3I 4 el s 0

Ji e LB\ (0488) g, 5 5 SIS
L sles slag —w 3ldas s |, ARFIMA'
S d S a0l i3 S )y Setily alasl>
51, ARFIMA(p,d,q) Jis Sl=lo Ol xS
g e W S35 5 s 4 Gl e S
SLAG o ot Slr el Dl Sl de )
Ol Joe 53 J ol ey aladl> L Sl
St ARFIMA e Jute Sl s i 5
Juse Sl sl el 45 103 S ASE ol .ol ool
el 3551 5 3l5 s dsls ARFIMA
St 8, s LS b a1 e
ARMA" Jus ARFIMA Joce ol o 3,50
slegmin Lgl S o a0l L e, LB 2ols
sheslewl ARMA Jus Sole 6 ax g L s S
S ol ik Jlsy Les ARFIMA Ju
b S 305 st 3050 Sl 6 Dl
Ll Sl

o3y el adisl 555 [V] (V44A) S

o el el Slals SNa il ensk

1. autoregressive fractionally integrated moving
average
2. autoregressive moving average
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3. Rolling analysis
4. Backtesting
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1. efficiency loss
2. Mean square forecast errors
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1 Value at Risk (VaR)
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