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1. Patil

2. Hu

3. large language models (LLMs)
4. small language models (SLMs)
5. Truica
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1. Novel Network Embedding

2. Lazer &etal.

3. Soetekouw, L., & Angelopoulos, S.

4. Pichiyan, V., Muthulingam, S., Sathar, G., Nalajala, S., Ch, A., & Das, M. N.
5. Makkar, K., Kumar, P., Poriye, M., & Aggarwal, S.
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1. Stemming

2. Lemmatization

3. Chai

4. Stop word removal
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1. Tokenization

2. Tokens

3. Maheswari & Sudha
4. Das & Alphonse
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1. Feature extraction

2. Document-term matrix

3. Vector Space Model (VSM)

4. Term Frequency-Inverse Document Frequency (TF-1DF)
5. Inverse Document Frequency (IDF)

6. Term Frequency (TF)

7. Binary representation
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1. Random Forests (RF)

2. Bagging

3. Decision Trees

4. Dudeja, D., Noonia, A., Lavanya, S., Sharma, V., Kumar, V., Rehan, S., &
Ramkumar, R.

5. Random forest regression

6. Ghunimat, D., Alzoubi, A. E., Alzboon, A., & Hanandeh, S.

7. Classification Random Forest

8. Gini Impurity
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1. Xie, X., Yuan, M. J., Bai, X., Gao, W., & Zhou, Z. H.
2. Support Vector Machine (SVM)
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4. Cortes and Vapnik
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1. Guido, R., Groccia, M. C., & Conforti, D.
2. Kernel functions

3. linear kernel

4. polynomial and radial functions

5. Azzeh

6. Naive Bayes (NB)
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