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3- Artificial Neural Network
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2. Orthogonal Arrays
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Figure 1.Concept of an artificial neuron
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Table 1. Factors and levels in design of experiments (chen et al., [5])
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Table 3. Orthogonal array experiments offered by Taguchi method
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Table 3. Orthogonal array experiments offered by Taguchi method
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Table 4. Results of different Artificial Neural Network Structures, offered by Taguchi method
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Figure 2. Optimal levels of parameters
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Figure 3. Correlation between observed and simulated data of suspended sediment load using Optimal ANN
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Table 5. Results of the optimal structure of Artificial Neural Network verification test
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