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A large amount of herbicide is being used for controlling weeds in agricultural, lawns, sport fields on
yearly basis. This causes environmental pollution and economic concerns. To reduce the use of herbicides,
hand labor may be the best way of removing weeds. It is, however, costly and time.consuming. In this
paper, two methods of distinguishing weeds from lawns using computer vision techniques are proposed.
Due to the fact that the weeds have different colors and identification of them from grass is not possible;
therefore, an algorithm was developed based on the assumption that the grass area should contain more
edges while the weed area is smoother than the grass area. For identification of weed/grass two methods
were used, namely: Bayesian Classifier (BO) and morphology (MO. Results indicated that correct weed
identification rates for MO and BO methods were 89.58% and 80.42% respectively. Furthermore, from
results obtained it can be concluded that herbicide usage was reduced more than 70%, which from
economical point of view as well as reduction of environmental pollution is of great importance.
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