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1. Mean of Squared Error.

2. Mean Absolute Percent Error.

3. Unobservable Component Model (UCM).
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6. Turning Points.
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1. Feed Forward.

2. Radia Basis.

3. Vector Auto Regressive.
4. Back Propagation.
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6. Mean Absolute Error.
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2. Auto-Regressive.
3. Root Mean-Squared Error.
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3. Simple Average.

4. Moving Average.

5. Exponential Smoothing.

6. Auto-Regressive Conditionally Heteroscedastic.

7. Generalized Auto-Regressive Conditionally Heteroscedastic.



VaA

\:A-W‘QM‘S::J&:{“J})&J:@)‘ng‘bdwa‘&:}‘):u

ARMA 3 ARIMA slasssT,s.\-)

P g
Y =f(t)+D Dy, + D 0¢,_ +g, o)
i=1 =1
:QT)JAS
y, = A%, = (1-L)x,
6L§J:£AJJ§‘)J.vu§$Ab)}Tﬁyt)b(b}_?-)Q)HJD)‘)@LA)'.\J))f(t))
(=008t 5 AL e d=0L 5 F(=U e 3 5 035 0=1 Y yams (3Ll
5 e g S 535 SVha sl Sl 5,54 p,dg ARIMA (pd,g) a5 s
Ao bl d S e 53 bl o 88 e 5:80le S0z sl 5 (6,8 Jsli
S35 e sl Y gone .3 55 s ARMA AT 5 |5 ARIMA 1T 3 55,8
> o jlgz ohyls a8 558 Aoslirul ;S WSL s, 5 ARMA s ARIMA
e S 5555 OMaz s ibge Gt 9 L5510 S e (med o glulis
i Ly ST cladiils bv s Olg o 1y S e 5 S0ke Sz 31U
. WY
S yed ed G
ARCH o .\-Y
22 Bl e Olnan (b ,b 8 byl S5 opl 5o e 3500 (s |y IO
Jul st L ol Slnanl w808 SleMbl 4 b i loj o 45 Luibyly 87 Js

1Lib o 5 Oy e 4 ARCH

1. Pesaran, H. M. & B. Pesaran (1997).
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3. Schwarts Bayesian Criterion (SBC).
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1. Neuron.
2. Layer.
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6. Kohzadi & et. a. (1995).
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4. Postprocessing.

5. Shanker et al. (1996).
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