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1 - ANN (Artificial Neural Network)
2 - Back Propagation

3 - Logistic

4 - LMS (Least Mean Square)

5 - Multilayer Perceptron

6 - Multilayer Feedforward Neural Network
7 - Validation Set

8 - Normalization

9 - Unnormalization

10 - MRE (Mean Relative Error)

11 - MSE (Mean Square Error)

12 - Sigmoid Transfer Function

13 - Purline Transfer Function

14 - Training Cycle

15 - Pearson




