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Abstract 

Artificial Neural Networks (ANNs) with advantages such as learning and estimation capabilities are widely 

used in various fields of chemical engineering such as process simulation and control. They are suitable for 

modeling, simulation, and solution of highly nonlinear problems. One of these problems is Nonlinear Dynamic 

Data Reconciliation. In this paper a new method, namely NetDDR, which uses ANNs, is described. NDDR of a 

distillation column is used to illustrate different aspects and advantages of the new method� 

Key words: Nonlinear Dynamic Data Reconciliation, Artificial Neural Networks, Distillation 

Coulmn, Dynamic Simulation. 
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1- Random and Gross Errors 
2- Data Reconciliation (DR) 
3- Nonlinear Dynamic Data Reconciliation (NDDR) 
4- Dynamic Balancing 
5- Non-Linear Programming (NLP) 
6- On-Line 
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7- Artificial Neural Network (ANN) 
8- Recurrent Neural Network 
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9- Nonlinear Auto-Regressive-Moving 

Average(NARMA) 
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10- Dynamic back-propagation 

Neuron 
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11- White Noise 
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