(s pske) Olgiol olils Lia s dome
WAV b m § ojledz p g 5 o M

Yo-Y1 ol

A O 85 5 o3bisal by Sllanil Jas b 5 soms o

-:Ee-:i:«b\nﬁ L.o,:l& 9 %edljhosws Cywdes

uﬂ)-\.ﬂ C/-:-.i; 5@‘) c)biujjf‘*‘

A

A5 ealial 5550 pslasli b pslae pilaze os S dr b oo 5l (G eldl 5l a5 SL 0 SO sduess 6l e Sl

ety dlis )l s lels gl e e:l.é:‘.ﬂ\j.iﬁép: Az):l.ivlu'-kuc\jjj\ el (e Sl pede sla iass 53,8 s
Sl e Skl e 5 o i o (Ul S S5 (el sl S (52 lLL O S5 s 53 pluln B
Sledios Ll sl & 5 b gio 5 s T (8IS 0 g (3Lt anllan G 51 ealinad b 5 o 3 me Laey S (sues

w\wﬁ)\}wuﬁ:)ydj\m

Flexible Discriminant Analysis via Nonparametric Regression

M. M ohammadzadeh® and A. Hooman**
* Statistics Department ,Tarbiat M odar es University

** Mathematic Department, Vali-Asr University


www.SID.ir

Oboga Lo e 5 o3l 3dase s 1

Abstract

Discriminant analysis is a way for classification of one abject or a group to one or more separate groups
that are known or unknown. In scientific researches we often use linear or quadratic functions for
classification. But in this paper, we suggest a nonlinear discrimination method that uses two nonparametric
regression methods, namely multivariate adaptive regression splines and adaptive additive modd. In a
simulation study, we investigate the application way of proposed methods and comparing them with the

ordinary nonlinear discrimination methods via their means of error rates.
Keywords: Discriminate Analysis, Flexible Discriminate Analysis, Nonparametric Regression.
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