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TECHNICAL NOTE

Online Significant Wave Height Prediction in Persian Gulf
Using Artificial Neural Networks and Regression Trees

M. Nemati', A. Karami Khaniki’

1- M.S in‘physical oceanography, Center for Science and Research, 1. A. University
2- P.H.D. in civil, Research Center for Soil Protection and Water Resources

Abstract

Prediction of wave height is of great importance in marine and coastal engineering. In this
study, the performances of artificial neural networks (feed forward with back propagation
algorithm) for online significant wave heights prediction, in Persian Gulf, were investigated.
The data set used in this study comprises wave and wind data gathered from shallow water
location in Persian Gulf. Current wind speed (u) and those belonging up to eight previous hours
are given as input variables, while the significant wave height with leading time of 1-24 hour
are the output parameters. Results show that the artificial neural networks can perform very well
in predicting significant wave height, when shorter intervals of predictions (6 hour) were
involved. Small interval predictions were made more accurately than the large interval ones.
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Results of artificial neural networks were compared with those of regression trees. Results
indicate that error statistics of neural networks and regression trees were nearly similar.
Keywords: Prediction, wave, Artificial Neural Networks, Regression Trees, Persian Gulf, Asaluye
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