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Initialize Q;(S,a) arbitrarily
Repeat (for each episode)
Initialize S randomly
Repeat (for each step)
Select an action a; using EQ (2)
Execute the action a, observe r(s, a), new state S’
Update the Value of Q;(S,a) according

to EQ (1)

S« S
Until S is theTerminal state
Until Some Stopping Criterion Criteria is
reached.
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1. Let t be the global time, n be the number of agents, y the
discount factor, CBi=¢ an empty case base for each Agent
Set § = 5'€ S to the initial state of the system.
2. Repeat
3. (a) SetS=S’
4. (b) forallagent j e [1...n] do

if CBi=¢ or add case_criterion(s) is true

CB =CBuC with c.Prob=s and

c.Sol=empty_solution (i)
5. for each j=Sol(s).m do

Compute Sol (s). E[j]. 7Z; according to Eq(3)

1

Set index X; the Maximum value of them.

6. Select elementary action  Sol (s).E[x;].a, .
7. Observe Successor state s'e S and reward 7 € R .
8. forall agents j € [1...n] do
a. Retrieve nearest neighbor according to
Eq (4) of state s’.
b. Set Learning Rate , _ 1

"7 14+ Sol(s).E[x,].n,
c. Set Sol (s).E[x;].Q; according to Eq(1).
d. Increment So/ (s).E[x,].n, by one.
e. Resort detrimentally the experience list Q in

Sol(s).E
9. end for
10. end for

11. Until Stop_Criterion () becomes true.
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