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Abstract

In this study, Neuro Fuzzy network was used to estimate the spatial distribution of Bemisia tabaci in a cucumber
field in Behbahan. Pest density assessments were performed based on a 10 m x 10 m grid pattern pattern and
a total of 100 sampling units in. In this method latitude and longitude information was used the input data and
output of method showed the number of pest. To determine the sensitivity of this method to different levels of
the pest after collecting samples, automatic clustering method was used to determine the number of clusters
Davies and Bouldin index was used to evaluae criterion. In order to finding the answer, Clustering Search Space
Genetic Algorithm was used.Davies and Bouldin index (0.46) showed that the data should be divided into three
clusters. Results indicated average, variance, statistical distribution and also coefficient of determination in the
observed and the estimated Bemisia tabaci density were not significantly different.Our map showed that patchy
pest distribution offers large potential for using site-specific pest control on this field .
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Ol S e 53 050l Ut (555 s o3 (Yeong et al., 2000) dewy DU 4 S ol S S s sla [
(S15 035 read 3 OLE uls oS 38 3 e 3550 4y UL o (SS1 k5 006 3l eslinal b Ol
SAS 55 kel I oS (g5, oS ares iash 3 izmes (zandisohani er al., 2012) Suils 3T )
Sl 5555 050 5l eslinal L aS 6,55 w2 o (tonhasca ef al., 1994) di 5|58 rens &0 40 231
Gl e Sy gm0 ST ol (23S, a8 A Ol esls 13 ) 3he Sl 6 1) 4 SO i SuST,
sls Ol s el el 5 aibaie Oleisl (5, 4y SIU Ao S, (6, 45 (glanlls .(Naranio & Flint, 1994)
La i cnl Sl sdel s ) b 13 (Kianpour ef al., 2009) ol praos 33 oLS ol (555 3T ol Ssl &8
w3 O )3 o8 355 o s a3 ST 51 o815 &0 w0 ol il il Sialen (tass cnl 5l ol i L
5 lal d 5l 2t (S15 s blE a5 ol sl (Seraj, 2011) ol J 28 51 Jol 35 dslas 5T J 28
o S 4y 3L Al 13 Gl A 5 a8 BlE a5 0,8 e U3 Sl 3550 O bl g ke
03 485 e 4y Ll e LEL st GYL s Gl sl e a0 a4 el 4 laals Wl
u&ﬁ&b\f} CJL,AJ:MJJ&J@..ALAA.&.L Aqul...:; "J.llﬂoj'}kﬁ m&d&s@?&‘a;jw JJ?-S JLA.G\C».@J-
Sy Al i & sl Shee 5 al lal s YL Bl s sl oas Jbs sl s slealy (Lsd g
t{g\;@@wduﬂbgg;iWu@«?}:p.wlwo)yq@ja&uomamrﬁ;éu@
b 03T Bl a0 oy &1 5 3500 Ol ) il ol (Sl Jomn a4 (slaaldl 4 Ol

58 Sl s lame i SoJJl s se gl e il Sl 5 S

Jbe boes 8 (ol o i 503Wae) PV 5 (Laesls aBly 33lie) AV s e g b 5 Sseee S5 oot alaly, —F J g

Table 4. Linear regression relationship and coefficient of determination between dv (actual value) and pv
(predicted value by model)

Members

Clusters Members of of cluster Network Linear regression Coefficient of
cluster 1 2 Utilization phase g Determination (r?)
BD=0 51 49 Training Phase pv=0.9405 av +0.0149 0.9387
Bd<5
Test Phase pv=0.8606 dv +0.0108 0.899
BD =0 80 20 Training Phase pv=0.9795 av +0.0116 0.9671
BW<10
Test Phase pv=0.9035 av +0.0108 0.9119
BD=0 91 9 Training Phase pv=0.9852 av +0.0041 0.9898
BD<I15
Test Phase pv=0.9089 av +0.0054 0.9333
é -
S S oS

Gluaiws (556 — ae aS Gy oy S baesls (Sbe gl ghuad s i)y leslanal U Jrass ool 5o

Aol 025 ylad 5 1 ity UL phs Sy 028 ¢t esde il 33 b il 5 o3l 5 Uk
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Fig. 3. Bemisia tabaci distribution maps in actual (b, d and f) and classified conditions
by Neuro Fuzzy neural networks (c, e and a) The maps of a, c, e and b, d, f have been
drawn according to economic threshold of 5, 10 and 15 respectively.
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