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Abstract

The permeability is a main property of oil reservoirs that it is applied for reserve estimation, production
and development of oil reservoirs. The conventional methods for permeability determination are core
analysis and well test. These methods are however very expensive. Furthermore, one or more well in an
oil field may have no core samples. So, there is a need to use a method could appropriately measure the
petro-physical properties of reservoir using-available well logs. This study discusses three different
approaches for permeability determination from logs. These are empirical, statistical, and artificial neural
network methods. The results obtained from this investigation show that the artificial neural network
method is superior to MLR method to predict reservoir permeability.
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