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Abstract

In this paper, due to the importance of analyzing users' sentiments in social networks, a hybrid method
is proposed in 5 steps. In this regard, after pre-processing the text, the VADER dictionary is used to
determine the polarity, then Bow and TF-IDF are used for feature extraction. Also, an ensemble
classifier based on logistic regression, decision tree, and Naive Bayes is designed, and finally, several
clustering methods are used for aspect-based sentiment analysis. For evaluation, the proposed
algorithm is conducted on the Amazon, Twitter, and Reddit datasets the results are reported in terms
of run-time and precision.
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