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Abstract. Adaptive nonlinear filters with kernels becomes an interesting topic in nonlinear signal processing in last
decade. Channel equalization is one of the most popular topics. In this paper, the performance of the adaptive channel
equalizer with wavelet transform and kernel least mean squares (KLMS) is analyzed. Kernel-based methods has been
considered previously for channel equalization, but when signal-to-noise ratio (SNR) of channel reduces, its performance
reduces considerably. In this paper, we analyze the performance of wavelet transform for noise reduction before using
the KLMS for channel equalization. In this way, at first received samples at receiver are denoised using wavelet transform
and then equalization are performed using KLMS. Results demonstrated that the using wavelet transform enhances the
performance of the KLMS in channel equalization.
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! Additive white Gaussian noise

2 Inter-symbol interference

3 Support vector machine

4 Kernel principal component analysis
5 Kernel adaptive filtering
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7 Least mean squared
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