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Abstract

Network clustering is one of the problems that has attracted many researchers in recent years. In this issue, each user is
associated with a specific community based on the various features of the network, including the structure. In the recent
years, deep learning is widely used to extract the feature vector of nodes then the vectors are used to find the
community of each node. In this paper, a network representation learning algorithm is presented based on the
information of the neighbors of each node and communities on the network. The results show that our nodes’

representation method offers a better quality clustering of /social networking users than the previous network
representation learning methods.
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Input:
Graph G (V, E)
Window length w
Representation size d
Number of random walks per node p
Random walk max length 1
Output:
Matrix of node representations f ¢ O
1: Com = ModularityMaximization(G)
2: sample f from OM*¢
3: while (i <)
s = shuffle (V)
for each v; e s do
in = CommunityawareRW ( G, v;, Com, 1)

5
6
7 SkipGram (f, Wy, , w)
8
9

v xd

A

end for
: end while
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